
International Journal of Advances in Applied Sciences (IJAAS) 

Vol. 15, No. 3, September 2026, pp. 883~893 

ISSN: 2252-8814, DOI: 10.11591/ijaas.v15.i3.pp883-893      883  

 

Journal homepage: http://ijaas.iaescore.com 

Social media resonance on destination dispersion to predict 

tourist behavior and travel distance using geospatial analysis 
 

 

Nindyo Cahyo Kresnanto1, Wika Harisa Putri2, Muhamad Willdan3 
1Master’s Program in Civil Engineering, Faculty of Engineering, Janabadra University, Yogyakarta, Indonesia 

2Accounting Study Program, Faculty of Economics and Business, Janabadra University, Yogyakarta, Indonesia 
3Civil Engineering Study Program, Faculty of Engineering, Janabadra University, Yogyakarta, Indonesia 

 

 

Article Info  ABSTRACT 

Article history: 

Received Aug 11, 2024 

Revised May 27, 2026 

Accepted Jun 17, 2026 

 

 This study investigates the influence of social media popularity on tourist 

destination preferences in Gunungkidul Regency, Yogyakarta, Indonesia, 

using an integrated big data and geographic information system (GIS) 

approach. Field surveys involving 504 respondents were combined with 

sentiment analysis of 30,432 cleaned tweets collected from X (formerly 

Twitter). Spatial analysis was applied to identify tourist origin patterns and 

destination attractiveness. The results show that neutral sentiment dominates 

online discussions, indicating generally positive but moderate tourist 

experiences. Destinations with higher popularity on social media, 

particularly Heha Sky View, Drini Beach, and Indrayanti Beach, attracted 

visitors from broader and more diverse origins. Spatial analysis also 

indicates stronger preferences for coastal and highland destinations. The 

integration of big data and GIS enhances understanding of tourism behavior 

and spatial destination patterns. Future studies are recommended to integrate 

multiple social media platforms and comparative spatial analyses to improve 

tourism planning and destination management. 
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1. INTRODUCTION 

Tourism is a key economic sector that supports the local economy, significantly contributes to the 

livelihoods of rural communities, and boosts local revenue [1], [2]. However, this sector is highly vulnerable 

to crises. During the COVID-19 pandemic, it was the most affected sector due to its inherent vulnerabilities 

[3], [4]. Travel restrictions implemented to curb the spread of the virus have led to a significant  

and a prolonged decline in tourist numbers, thereby negatively affecting the sustainability of the tourism 

industry [4]. Additionally, as tourism is considered a major source of virus transmission, the pandemic has 

halted tourism activities, causing substantial financial losses for the industry [5], [6]. Following the 

subsidence of the pandemic, growth in the tourism sector is urgently needed to revive operations that were 

halted during the epidemic. The resilience of the sector, developed through innovation and stakeholder 

engagement in the post-COVID-19 period, will be crucial for economic recovery [4], [7]. On the other hand, 

the growth and revival of tourism extend beyond financial benefits, as tourism is recognized as a global right, 

as declared by the World Tourism Organization in the Manila Declaration of 1980 [8].  

Gunungkidul Regency is one of the regions in Yogyakarta, Indonesia that has experienced 

significant growth in the tourism industry, driven by local autonomy policies implemented since January 1, 

2001. The policy directives have prompted the local government to increase regional revenue from the 

https://creativecommons.org/licenses/by-sa/4.0/
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tourism sector [9]. According to available data, the tourism industry in this regency contributes 

approximately 3.34% to the gross domestic product (GDP) and has exhibited one of the highest  

post-COVID-19 growth rates, reaching 18.37%. The resurgence of tourism, which had previously stagnated 

due to the impact of the pandemic, has attracted academic interest, particularly regarding the untapped 

tourism potential within the regency. 

This study employs geographic information system (GIS)-based geospatial analysis to forecast 

tourism potential across various destinations in Gunungkidul Regency. GIS has long been recognized as a 

valuable tool in tourism development. Its capacity to aggregate geographic data according to specific criteria 

is particularly advantageous for decision-making within the tourism sector [10]. Consequently, GIS offers a 

robust framework for integrating tourism information with spatial data analysis [11]. It has become one of the 

most widely utilized tools for spatial planning and management, particularly in the fields of tourism and big 

data analytics. GIS's ability to transform text-based data into easily interpretable spatial representations 

enhances its efficiency and reliability in research, particularly in tourism development projects involving 

major destinations. When integrated with big data obtained from social media, these capabilities provide 

valuable insights into the issue. 

In developing tourist attractions, decision makers and planners require access to data on visitors and 

potential destinations, which can be extracted from social media, based on big data. The application of big 

data in the tourism industry offers several advantages, including the estimation of visitor arrivals by 

destination, government assessment of tourism’s national economic impact, and the formulation of strategic 

marketing initiatives by industry stakeholders [12]. This argument is reinforced by previous studies 

highlighting the significance of big data in the tourism sector. Big data is considered more suitable for 

tourism forecasting and decision-making because it provides comprehensive and real-time information, 

enabling more accurate analysis and strategic planning in the tourism sector [13]. In addition, the utilization 

of big data derived from social media platforms allows researchers to obtain deeper insights into visitor 

behavior and tourist activities at tourism destinations, particularly in understanding travel patterns  

and destination preferences [14]. The key challenge lies in how big data can be effectively applied to  

tourism-related analyses, particularly sentiment analysis supported by geospatial data. 

Although the application of big data in tourism presents challenges related to accuracy, validity, and 

reliability, its integration is strongly encouraged by the United Nations World Tourism Organization 

(UNWTO) due to its ability to provide large and complex datasets beyond traditional methods. When 

combined with GIS, big data enables comprehensive analysis of the spatial distribution of tourism activities. 

This study integrates field survey data on tourist origins with social media big data from X to examine 

tourism patterns in Gunungkidul. Social media data also offer spatial advantages through geotagging 

features, supporting the convergence of GIS and social media technologies for tourism analysis and 

management. Moreover, big data enables the integration of numerous interconnected users [11], thereby 

offering deeper and more valuable insights for tourism management [15]. This study proposes an integrated 

approach combining big data and geospatial analysis to examine tourist behavior and evaluate the influence 

of social media popularity on destination preferences, an area still rarely explored. 

 

 

2. LITERATURE REVIEW 

Tourism is regarded as one of the world's most promising and rapidly evolving industries. The 

expansion of the tourism sector has significantly contributed to rural community development by enhancing 

education, employment opportunities, income levels, and consumption growth [2]. Through industry 

substitution and integration, the expansion of tourism also contributes to productivity growth in neighboring 

sectors [16]. Furthermore, momentum and initiatives aimed at promoting the tourism industry in the  

post-COVID-19 era is highly promising, as the sector’s development could serve as a catalyst for broader 

economic recovery [17]. Nonetheless, a well-designed blueprint for tourism industry development is essential 

to guide the sector in pursuing a growth strategy that not only generates financial returns but also promotes 

broader societal well-being beyond the business and its core operations [18]. A deeper understanding of 

destination management is essential to gain a comprehensive view of how tourism destinations are developed 

and promoted [19]. Previous studies on tourism destination management have highlighted the growing 

influence of information and communication technology (ICT) on how destinations are managed and 

promoted [20]. However, to further advance the use of ICT as a tool for developing a new approach to 

destination management, an alternative management strategy is arguably necessary [21]. 

 

2.1.  Social exchange theory and social network theory 

Previous studies have shown that social exchange theory and its applications are closely associated 

with tourism development, emphasizing the importance of understanding local social networks and 
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stakeholder relationships [22]. Effective tourism promotion requires strengthening local network structures 

and enhancing collaboration, particularly with informal leaders who influence tourism activities. In this 

context, social media has evolved into an important instrument for encouraging social change and supporting 

tourism development. This study recommends implementing structured social media management based on 

social exchange theory and social network theory principles. Social media can also facilitate stakeholder 

engagement, strengthen collaboration, and improve demand–supply interactions, thereby supporting more 

effective tourism management and sustainable destination development. 

 

2.2.  Geographic information system, big data, and tourism 

In recent years, researchers and scholars in many countries, including Indonesia, have increasingly 

adopted GIS for tourism management and development [23]. Several previous studies have demonstrated 

how GIS is utilized in tourism planning as an integral part of the development process [24]. GIS's ability to 

manage geographical data makes it an effective tool for analyzing visitor distribution patterns [25], 

identifying potential tourism attractions [26], and monitoring and evaluating these attractions [10]. The use of 

big data in this study is essential for enhancing tourism development and the management of destination 

organizations. Big data refers to vast quantities of information that are complex, diverse, and challenging to 

store, analyze, and present for further processing or decision-making [27]. Several previous studies have 

employed big data to assess visitor preferences [28], tourism flows [29], and tourism demand [30], often 

within the framework of systematic reviews on the application of big data in the hospitality and tourism 

industry. A previous study on harnessing big data for tourism purposes, specifically for Destination 

Management Organizations (DMOs), was conducted based on Fonseca's thesis, which identified “crawling” 

as a method for collecting big data from social media platforms such as X [31]. The method also offers 

several advantages, including the capability and flexibility to access large volumes of data across multiple 

platforms. In particular, it enables a more comprehensive understanding of various issues, such as tourist 

behavior and spatio-temporal patterns of tourist activity within specific destinations [14].  

 

2.3.  Social media engagement in tourism 

Social media undoubtedly plays a significant role in the tourism industry, particularly as a tool for 

promoting destinations and attracting tourists. Social media advertising based on user-generated content has 

been identified as a form of electronic word-of-mouth behavior that positively influences customer loyalty in 

the hospitality, travel, and tourism industries [32]. Recent studies indicate that advertising through social 

media influencers positively affects visitors’ travel motivation, highlighting the important role of social 

media in tourism promotion and destination marketing [33]. The influence of social media on the tourism 

industry has recently emerged as a critical area of scholarly inquiry, particularly concerning the evaluation of 

tourism destination management. Despite its importance in tourism development, studies examining the 

relationship between tourism destinations and geographical variables remain relatively scarce, especially 

within the Indonesian context. 

 

 

3. RESEARCH METHOD 

The research flow is illustrated in Figure 1. The study combined questionnaire surveys and X data 

crawling to examine tourist preferences and behavior in Gunungkidul. Survey data were collected through 

interviews and Google Forms, while X crawling gathered tourism-related user content. The analysis 

integrated spatial and sentiment approaches, including geospatial mapping, thematic maps, buffer analysis, 

tourist origin mapping, and sentiment classification into positive, neutral, and negative categories. The 

combined results provided a comprehensive understanding of tourism patterns, tourist behavior, and 

destination popularity in Gunungkidul. 

 

3.1.  Data collection 

This study was conducted from February to May 2022 at several tourist destinations in Gunungkidul 

Regency. Data collection employed two methods: questionnaire surveys and X-based big data crawling. The 

survey involved 504 respondents through direct interviews and Google Forms distributed to tourists who had 

visited Gunungkidul destinations. Social media data were collected from tweets mentioning six major 

attractions: Nglanggeran, Bukit Bintang, Heha Sky View, Drini Beach, Indrayanti Beach, and Sepanjang 

Beach. Data crawling was performed using the API function in Orange software with eight tourism-related 

keywords: #gunungkidul, #wisata, #pantaiindrayanti, #pantaidrini, #pantaisepanjang, #hehasky, 

#nglanggeran, and #bukitbintang. A total of 278,117 tweets were collected from February to March 2022. 

After data cleaning procedures [34], the final dataset used for analysis consisted of 30,432 tweets, which 

were further processed for sentiment and spatial analysis. 
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Figure 1. Methodology 

 

 

3.2.  Data analysis 

The travel destinations of 504 respondents were mapped using geospatial analysis to generate 

thematic maps of tourist preferences and visitor distribution. Survey data were processed using Microsoft 

Excel, converted into spatial points through Google My Maps, and further analyzed in ArcGIS to visualize 

destination patterns and tourist distribution. For social media analysis, X data crawling was conducted using 

Orange software (the data crawling process is illustrated in Figure 2), while sentiment classification was 

performed in RStudio. The sentiment results were integrated with spatial data in ArcGIS to examine 

relationships between social media sentiment, destination popularity, and tourist distribution patterns. 

Additional spatial analyses included dot distribution mapping and buffer analysis to identify tourist origin 

dispersion and travel radius. This integrated approach enabled assessment of whether favorable social media 

sentiment influenced tourist numbers and travel distance to destinations. 

 

 

 
 

Figure 2. Preprocessing data flowchart 

 

 

4. RESULTS AND DISCUSSION 

4.1.  Field survey 

Based on the field survey data, the demographic profile of the 504 respondents shows that female 

tourists dominated the sample, representing 55% of participants, while males accounted for 45%. In terms of 

age distribution, the largest proportion consisted of respondents aged 15–25 years (55%), followed by those 

aged 36–55 years (25%), 26–35 years (18%), and above 55 years (2%). This indicates that young adults 

constitute the primary tourism market segment in the study area. Regarding destination preference, most 

respondents (61%) preferred tourism destinations located within Gunungkidul, whereas 39% selected 

destinations outside the regency. These results highlight the strong attractiveness of Gunungkidul tourism and 

suggest that younger visitors may have higher exposure to digital information and social media influences in 

shaping travel preferences. 

Figure 3 shows that tourist destination preferences in Gunungkidul are unevenly distributed, with 

Drini Beach (51 respondents), Indrayanti Beach (49 respondents), Baron Beach (49 respondents),  

Pindul Cave (41 respondents), and Heha Sky View (39 respondents) emerging as the most preferred 

destinations. Figure 3(a) presents the number of visitors for each destination, while Figure 3(b) illustrates 

their spatial distribution using a thematic GIS map. The map indicates that popular destinations are mainly 

concentrated in coastal areas and highland regions. This finding suggests that tourists tend to prefer 

destinations offering natural landscapes, open spaces, and scenic views. 
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(a) 

 

 
(b) 

 

Figure 3. Distribution of visitors, including (a) number of visitors and (b) thematic map of visitor distribution 
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4.2.  Data crawling (sentiment analysis) 

Figure 4 shows the crawling method on X was conducted at six tourism destinations in Gunungkidul 

Regency: Heha Sky View, Drini Beach, Indrayanti Beach, Sepanjang Beach, Nglanggeran, and Bukit 

Bintang. The crawling method was specifically conducted to identify how commonly the tourism locations 

are discussed on X, as well as the public’s favorability, negative sentiments, and neutral feelings expressed 

by users toward the six tourism destinations. According to Figure 4(a), the results of X crawling on six tourist 

objects reveal a substantial difference in the number of tweets retrieved. This significant difference is 

demonstrated by the large gap between the destination groups. The crawling results are as follows: the 

destinations with the fewest tweets (<5,000) are Bukit Bintang and Nglanggeran; the group with medium 

results (19,000–24,000) includes Drini Beach, Indrayanti Beach, and Sepanjang Beach; and the destination 

with the highest number of tweets (>40,000) is Heha Sky View. Based on the crawling results, neutral 

sentiment was the most dominant, followed by positive sentiment, with negative sentiment being the last.  

However, the proportion of negative sentiment across each destination is not different. Positive 

sentiment averaged 35.04%, neutral sentiment 63.36%, and negative sentiment only 1.59%. This finding is 

less encouraging because it differs from previous studies reporting that positive sentiment toward tourism in 

Indonesia reached 68%, while negative sentiment accounted for 10% [35]. The high proportion of neutral 

sentiment may indicate that tourists' experience related to cultural items or transportation only meets basic 

expectations [36]. In such cases, there is potential for these experiences to easily change into either negative 

or positive sentiments, which warrants attention [37]. The results of this sentiment analysis suggest that 

tourists perceive the destination as adequate but not extraordinary [38]. 
 

4.3.  Integrated analysis (popular destination, origin of tourists, and geospatial location) 

Field data and crawling result data are then used to analyze and determine which tourism 

destinations are more likely to attract more visitors. The integration of these datasets reveals an intersection 

between field survey data and crawling results. Data from field surveys reflect direct experience and 

satisfaction [39], while crawling data represents indirect data and the experiences of other tourists [40]. 

Correspondingly, the intersection of tourist destinations from field data and crawling results data indicates 

highly popular tourism destinations that are regularly mentioned on X [41]. Drini Beach, Baron Beach, 

Indrayanti Beach, and Heha Sky View were the most popular destinations based on field survey data, while 

Heha Sky View, Drini Beach, Indrayanti Beach, and Sepanjang Beach were identified as the most popular 

destinations in the crawling data results. Based on these data, three types of intersection are formed. One 

intersection consists of three tourism destinations: Heha Sky View, Drini Beach, and Indrayanti Beach, as 

shown in Figure 4(b). 
 

 

 
(a) 

 

 
(b) 

 

Figure 4. Data crawling and field survey result of (a) number of tweets based on sentiment type and  

(b) popularity destination 
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Figure 5 shows the origins of tourists visiting Gunungkidul were identified by integrating field 

survey data with social media big data from X and converting them into spatial maps. The analysis examined 

whether destination popularity on social media influences visitor numbers and geographical distribution 

patterns. Five destinations were included in the mapping process: Drini Beach (Figure 5(a)), Heha Sky View 

(Figure 5(b)), Indrayanti Beach (Figure 5(c)), Bukit Bintang (Figure 5(d)), and Nglanggeran (Figure 5(e)). 

The results show that Indrayanti Beach, Drini Beach, and Heha Sky View achieved the highest popularity on 

X and attracted visitors from broader origins. These findings support previous studies indicating that  

social media engagement contributes significantly to destination popularity and image formation [42]. Social 

media also strengthens emotional attachment and influences travel preferences and destination selection 

behavior [43], [44]. 

 

 

 
(a) 

 
(b) 

  

 
(c) 

 
(d) 

  

 
(e) 

 

Figure 5. Tourist origin spatial distribution of (a) Drini Beach, (b) HEHA Sky View, (c) Indrayanti Beach, 

(d) Bukit Bintang, and (e) Nglanggeran 

 

 

The topographical map in Figure 6 illustrates the distribution of popular tourism destinations in 

Gunungkidul identified through field surveys. Elevation differences among locations are represented using 
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color gradients, where dark green indicates lower elevations and dark red represents higher elevations. 

Tourist concentration is visualized using circle symbols, with smaller circles indicating lower visitor numbers 

and larger circles representing more popular destinations. The map shows that highly visited attractions are 

generally concentrated in either highland areas, such as mountains and hills, or lowland coastal zones. This 

finding aligns with previous studies suggesting that natural environments characterized by vegetation, 

landscapes, and water features provide greater restorative and healing benefits than urban settings, thereby 

increasing tourist preference and destination attractiveness [45]. 

The popularity of open spaces in both preference and recreation categories is evident, as three of the 

four highest-rated scenes are open landscape views. This finding is supported by various studies, which have 

found that people tend to prefer landscapes such as beaches as their most preferred views [46]. Moreover, 

people prefer open spaces because they offer greater recreational value [47]. The assumption is based on 

Appleton's (1975) "Habitat theory," which posits that humans have unconscious reflexes that drive them to 

look for survival-enhancing environmental features. The survey findings align with the hypothesis, as the 

image that received the best ratings was a view of the ocean and the shoreline, while the scene with  

third-highest ratings featured a tiny artificial pond in the background [48]. 

 

 

 
 

Figure 6. Popular tourist location based on a topographical map 

 

 

5. CONCLUSION 

This study demonstrates that social media popularity significantly influences tourist destination 

preferences in Gunungkidul Regency through the integration of social media big data and GIS-based spatial 

analysis. The findings reveal that destinations with higher popularity on X, particularly those located in 

highland and coastal environments, attract tourists from broader and more diverse geographical origins. The 

combined use of sentiment analysis and geospatial mapping provides practical insights for tourism planning, 

destination promotion, and spatial management strategies. Nevertheless, the study is limited by the use of 

only one social media platform and potential sampling bias from field surveys. Future studies should 

incorporate additional social media sources and comparative analyses across platforms to strengthen the 

understanding of social media effects on tourism development. 



Int J Adv Appl Sci  ISSN: 2252-8814  

 

Social media resonance on destination dispersion to predict tourist behavior … (Nindyo Cahyo Kresnanto) 

891 

FUNDING INFORMATION 

This research was funded by the Diktisaintek Scientific Research Grant (Hibah Riset Keilmuan 

Diktisaintek) Program under Grant No. 3840/E4/AK.04/2021, ratified through Decree No. KEP-

2/LPDP/LPDP.4/2021. 

 

 

AUTHOR CONTRIBUTIONS STATEMENT  

This journal uses the Contributor Roles Taxonomy (CRediT) to recognize individual author 

contributions, reduce authorship disputes, and facilitate collaboration.  

 

Name of Author C M So Va Fo I R D O E Vi Su P Fu 

Nindyo Cahyo 

Kresnanto 

✓ ✓ ✓ ✓ ✓ ✓   ✓ ✓ ✓ ✓   

Wika Harisa Putri  ✓    ✓   ✓ ✓  ✓ ✓ ✓ 

Muhamad Willdan ✓  ✓ ✓   ✓ ✓  ✓ ✓  ✓ ✓ 

 

C :  Conceptualization 

M :  Methodology 

So :  Software 

Va :  Validation 

Fo :  Formal analysis 

I :  Investigation 

R :  Resources 

D : Data Curation 

O : Writing - Original Draft 

E : Writing - Review & Editing 

Vi :  Visualization 

Su :  Supervision 

P :  Project administration 

Fu :  Funding acquisition 

 

 

 

CONFLICT OF INTEREST STATEMENT 

The authors declare that there are no conflicts of interest regarding the publication of this study. 

 

 

DATA AVAILABILITY 

The data that support the findings of this study are available from the corresponding author, [NCK], 

upon reasonable request. The datasets include survey responses and processed social media data used for the 

analyses presented in this article. Certain restrictions may apply to protect participant confidentiality and to 

comply with the terms governing the use of data obtained from third-party platforms. 

 

 

REFERENCES 
[1] M. Nooripoor, M. Khosrowjerdi, H. Rastegari, Z. Sharifi, and M. Bijani, “The role of tourism in rural development: evidence 

from Iran,” GeoJournal, vol. 86, no. 4, pp. 1705–1719, Aug. 2021, doi: 10.1007/s10708-020-10153-z. 

[2] J. Zhang, “Tourism and rural income inequality: empirical evidence for China,” Current Issues in Tourism, vol. 26, no. 1,  
pp. 153–170, Jan. 2023, doi: 10.1080/13683500.2021.2010674. 

[3] T. Baum and N. T. T. Hai, “Hospitality, tourism, human rights and the impact of COVID-19,” International Journal of 
Contemporary Hospitality Management, vol. 32, no. 7, pp. 2397–2407, May 2020, doi: 10.1108/IJCHM-03-2020-0242. 

[4] G. D. Sharma, A. Thomas, and J. Paul, “Reviving tourism industry post-COVID-19: a resilience-based framework,” Tourism 

Management Perspectives, vol. 37, Jan. 2021, doi: 10.1016/j.tmp.2020.100786. 
[5] R. Arezki and H. Nguyen, “Novel coronavirus hurts the Middle East and North Africa through many channels,” in Economics in 

the Time of COVID-19, Paris & London: CEPR Press, 2020. 

[6] N. Stezhko, Y. Oliinyk, L. Polishchuk, I. Tyshchuk, A. Parfinenko, and S. Markhonos, “International tourism in the system of 

modern globalization processes,” International Journal of Management, vol. 11, no. 3, pp. 97–106, 2020. 

[7] A. Traskevich and M. Fontanari, “Tourism potentials in post-COVID19: the concept of destination resilience for advanced 

sustainable management in tourism,” Tourism Planning & Development, vol. 20, no. 1, pp. 12–36, Jan. 2023,  
doi: 10.1080/21568316.2021.1894599. 

[8] World Tourism Organization, “Manila declaration on world tourism,” UNWTO Declarations, vol. 1, no. 1, pp. 1–34, Oct. 1980, 

doi: 10.18111/unwtodeclarations.1980.01.01. 
[9] C. W. Dyah, E. Mulyani, A. Afriyanti, and H. Cahyono, “Analysis of the impact of tourism on economic growth of  

Gunungkidul District,” Ekuilibrium : Jurnal Ilmiah Bidang Ilmu Ekonomi, vol. 17, no. 2, pp. 182–189, Sep. 2022,  

doi: 10.24269/ekuilibrium.v17i2.2022.pp182-189. 
[10] M. Rifki, F. Rahmafitria, and N. T. Sugito, “Tourism component evaluation: GIS-based analysis towards the qualification of 

destination planning,” in Proceedings of the 3rd International Seminar on Tourism (ISOT 2018), 2019, pp. 121–124. 

[11] V. Ribeiro, “Methods and techniques in creative tourism: why technologies are so relevant to achieve creativity?” in Creative 
Tourism and Sustainable Territories, Emerald Publishing Limited, 2022, pp. 179–222, doi: 10.1108/978-1-80262-681-020221011. 

[12] S. Volo, “Tourism statistics, indicators and big data: a perspective article,” Tourism Review, vol. 75, no. 1, pp. 304–309, Feb. 

2020, doi: 10.1108/TR-06-2019-0262. 
[13] E. Widarti, M. Erkamim, and W. Wartono, “Big data in tourism destinations: a systematic literature review,” MALCOM: 

Indonesian Journal of Machine Learning and Computer Science, vol. 4, no. 3, pp. 719–724, May 2024,  

doi: 10.57152/malcom.v4i3.1263. 

[14] J. Chen, S. Becken, and B. Stantic, “Harnessing social media to understand tourist mobility: the role of information technology 

and big data,” Tourism Review, vol. 77, no. 4, pp. 1219–1233, Aug. 2021, doi: 10.1108/TR-02-2021-0090. 



                ISSN: 2252-8814 

Int J Adv Appl Sci, Vol. 15, No. 3, September 2026: 883-893 

892 

[15] S. B. Park, J. Kim, Y. K. Lee, and C. M. Ok, “Visualizing theme park visitors’ emotions using social media analytics and 

geospatial analytics,” Tourism Management, vol. 80, Oct. 2020, doi: 10.1016/j.tourman.2020.104127. 
[16] J. Shi and Y. Xiao, “Research on the pathways to high-quality development of tourism SMEs: a perspective of value assigned by 

quality, standards and brand,” Heliyon, vol. 10, no. 23, Dec. 2024, doi: 10.1016/j.heliyon.2024.e39772. 

[17] M. Rahmad and M. Rahmanita, “Transformative tourism: catalyst for economic recovery and poverty alleviation post-COVID-19 
pandemic,” Eduvest - Journal of Universal Studies, vol. 5, no. 3, pp. 2700–2715, Mar. 2025, doi: 10.59188/eduvest.v5i3.1711. 

[18] J. Saarinen, C. M. Rogerson, and C. M. Hall, “Geographies of tourism development and planning,” Tourism Geographies, vol. 19, 

no. 3, pp. 307–317, May 2017, doi: 10.1080/14616688.2017.1307442. 
[19] M. Volgger, G. Erschbamer, and H. Pechlaner, “Destination design: new perspectives for tourism destination development,” 

Journal of Destination Marketing & Management, vol. 19, Mar. 2021, doi: 10.1016/j.jdmm.2021.100561. 

[20] J. Gelter, M. Lexhagen, and M. Fuchs, “A meta-narrative analysis of smart tourism destinations: implications for  
tourism destination management,” Current Issues in Tourism, vol. 24, no. 20, pp. 2860–2874, Oct. 2021,  

doi: 10.1080/13683500.2020.1849048. 

[21] J. A. I.-Baidal, M. A. C.-Bernabeu, J.-N. Mazón, and Á. F. P.-Ivars, “Smart destinations and the evolution of ICTs: a new  
scenario for destination management?,” Current Issues in Tourism, vol. 22, no. 13, pp. 1581–1600, Aug. 2019,  

doi: 10.1080/13683500.2017.1388771. 

[22] K. C. Chang, “The affecting tourism development attitudes based on the social exchange theory and the social network theory,” 
Asia Pacific Journal of Tourism Research, vol. 26, no. 2, pp. 167–182, Feb. 2021, doi: 10.1080/10941665.2018.1540438. 

[23] R. Ridwana and S. Himayah, “Utilization of remote sensing technology and geographic information systems for tourism 

development,” International Journal of Applied Sciences in Tourism and Events, vol. 4, no. 2, pp. 158–169, Dec. 2020,  
doi: 10.31940/ijaste.v4i2.2042. 

[24] J. M. Magige, C. Jepkosgei, and S. M. Onywere, “Use of GIS and remote sensing in tourism,” in Handbook of e-Tourism, Cham: 

Springer International Publishing, 2022, pp. 1335–1361, doi: 10.1007/978-3-030-48652-5_118. 
[25] F. O. Amadu, L. Nhamo, B. Benzougagh, and B. Turyasingura, “Application of geographic information system in ecotourism: a 

global bibliometric analysis,” Cogent Social Sciences, vol. 11, no. 1, Dec. 2025, doi: 10.1080/23311886.2025.2460711. 
[26] N. Sahani, “Application of analytical hierarchy process and GIS for ecotourism potentiality mapping in Kullu District,  

Himachal Pradesh, India,” Environment, Development and Sustainability, vol. 22, no. 7, pp. 6187–6211, Oct. 2020,  

doi: 10.1007/s10668-019-00470-w. 
[27] S. Sagiroglu and D. Sinanc, “Big data: a review,” in 2013 International Conference on Collaboration Technologies and Systems 

(CTS), May 2013, pp. 42–47, doi: 10.1109/CTS.2013.6567202. 

[28] H. Q. Vu, G. Li, R. Law, and Y. Zhang, “Exploring tourist dining preferences based on restaurant reviews,” Journal of Travel 
Research, vol. 58, no. 1, pp. 149–167, Jan. 2019, doi: 10.1177/0047287517744672. 

[29] X. Huang, L. Zhang, and Y. Ding, “The Baidu index: uses in predicting tourism flows–a case study of the Forbidden City,” 

Tourism Management, vol. 58, pp. 301–306, Feb. 2017, doi: 10.1016/j.tourman.2016.03.015. 
[30] J.-W. Bi, C. Li, H. Xu, and H. Li, “Forecasting daily tourism demand for tourist attractions with big data: an ensemble deep 

learning method,” Journal of Travel Research, vol. 61, no. 8, pp. 1719–1737, Nov. 2022, doi: 10.1177/00472875211040569. 

[31] J. P. M. R. da Fonseca, “Harnessing big data to inform tourism destination management organizations.” Master’s thesis, 
Universidade Nova de Lisboa, 2019. 

[32] S.-C. Chu, T. Deng, and H. Cheng, “The role of social media advertising in hospitality, tourism and travel: a literature review and 

research agenda,” International Journal of Contemporary Hospitality Management, vol. 32, no. 11, pp. 3419–3438, Sep. 2020, 
doi: 10.1108/IJCHM-05-2020-0480. 

[33] R.-A. Pop, Z. Săplăcan, D.-C. Dabija, and M.-A. Alt, “The impact of social media influencers on travel decisions: the role of trust 

in consumer decision journey,” Current Issues in Tourism, vol. 25, no. 5, pp. 823–843, Mar. 2022,  
doi: 10.1080/13683500.2021.1895729. 

[34] O. C. Malcom, “The data cleaning challenge: a Twitter data analysis project,” medium.com, 2023, Accessed Jan. 19, 2025. 

[Online]. Available: https://medium.com/@okonkwoebuka456/the-data-cleaning-challenge-a-twitter-data-analysis-project-
c25ae4a32dd3  

[35] D. R. De Fretes, H. Noviany, E. F. Juliarta, D. Sandya, and A. Charviandi, “Sentiment analysis of big data to measure tourism’s 

social and emotional impact on social media: a case study of Indonesia,” International Journal of Society Reviews, vol. 1, no. 3, 
pp. 46–58, 2024. 

[36] I. Nawawi, K. F. Ilmawan, M. R. Maarif, and M. Syafrudin, “Exploring tourist experience through online reviews using aspect-

based sentiment analysis with zero-shot learning for hospitality service enhancement,” Information, vol. 15, no. 8, Aug. 2024,  
doi: 10.3390/info15080499. 

[37] K. Puh and M. B. Babac, “Predicting sentiment and rating of tourist reviews using machine learning,” Journal of Hospitality and 

Tourism Insights, vol. 6, no. 3, pp. 1188–1204, Jun. 2023, doi: 10.1108/JHTI-02-2022-0078. 
[38] J. M. Wibowo, S. Muljaningsih, and D. Satria, “TripAdvisor sentiment analysis: the policy of ecotourism competitiveness from 

Bromo, Tengger, and Semeru national park,” International Journal of Business, Economics and Law, vol. 20, no. 5, 2019. 

[39] L. C. Joseph, V. Soundararajan, and S. Parayitam, “The relationship between attraction, perception of service, opportunities and 
tourist satisfaction in backwater tourism in Alappuzha district of Kerala in India,” Tourism and Hospitality Research, vol. 22,  

no. 3, pp. 314–335, Jul. 2022, doi: 10.1177/14673584211044087. 

[40] A. Rasyada et al., “Tourists’ perception of the impact of reviewers and social media on the selection of Cristine Hakim idea park 
destinations,” Journal of Humanity Studies, vol. 3, no. 1, pp. 20–31, 2024. 

[41] Z. I. Aunalal, G. A. Rumalatu, A. Sapulette, A. A. Patty, and C. E. O. Pelamonia, “The analysis of tourist perceptions toward the 

tourist attractions in Larike Village at Central Maluku Regency,” Scientific Research Journal, vol. XII, no. I, pp. 10–19, 2024. 
[42] R. H.-Álvarez, J. J. C.-Fierro, and M. F.-Blasco, “The interplay between social media communication, brand equity and brand 

engagement in tourist destinations: an analysis in an emerging economy,” Journal of Destination Marketing & Management,  

vol. 16, Jun. 2020, doi: 10.1016/j.jdmm.2020.100413. 
[43] P. Harrigan, U. Evers, M. P. Miles, and T. Daly, “Customer engagement and the relationship between involvement, engagement, 

self-brand connection and brand usage intent,” Journal of Business Research, vol. 88, pp. 388–396, Jul. 2018,  

doi: 10.1016/j.jbusres.2017.11.046. 
[44] L. D. Hollebeek and K. Macky, “Digital content marketing’s role in fostering consumer engagement, trust, and value: framework, 

fundamental propositions, and implications,” Journal of Interactive Marketing, vol. 45, no. 1, pp. 27–41, Feb. 2019,  

doi: 10.1016/j.intmar.2018.07.003. 

 



Int J Adv Appl Sci  ISSN: 2252-8814  

 

Social media resonance on destination dispersion to predict tourist behavior … (Nindyo Cahyo Kresnanto) 

893 

[45] J. Yin, J. Ramanpong, J. Chang, C.-D. Wu, P.-H. Chao, and C.-P. Yu, “Effects of blue space exposure in urban and natural 
environments on psychological and physiological responses: a within-subject experiment,” Urban Forestry & Urban Greening, 

vol. 87, Sep. 2023, doi: 10.1016/j.ufug.2023.128066. 

[46] G. Mangone, R. L. Dopko, and J. M. Zelenski, “Deciphering landscape preferences: investigating the roles of familiarity and 
biome types,” Landscape and Urban Planning, vol. 214, Oct. 2021, doi: 10.1016/j.landurbplan.2021.104189. 

[47] C. Bertram, J. Meyerhoff, K. Rehdanz, and H. Wüstemann, “Differences in the recreational value of urban parks between 

weekdays and weekends: a discrete choice analysis,” Landscape and Urban Planning, vol. 159, pp. 5–14, Mar. 2017,  
doi: 10.1016/j.landurbplan.2016.10.006. 

[48] J. Appleton, The experience of landscape. London, UK: John Wiley & Sons, 1975. 

 

 

BIOGRAPHIES OF AUTHORS 

 

 

Nindyo Cahyo Kresnanto     is an associate professor in the field of expertise in 

sustainable transportation and transportation geography. He works in the Master's Program in 

Civil Engineering at Janabadra University, Yogyakarta, Indonesia, as the head of the study 

program. He is currently conducting a lot of research on transportation behavior in support of 

sustainable transportation. He can be contacted at email: nindyo_ck@janabadra.ac.id. 

  

 

Wika Harisa Putri     is a dedicated academic and researcher specializing in 

accounting science, currently pursuing a Doctoral Program at Airlangga University, Surabaya. 

With over two decades of teaching experience since 2002, she is actively involved in  

the Accounting Study Program at Janabadra University, Yogyakarta. She holds dual 

bachelor’s degrees in Accounting (UII, 2000) and Law (UGM, 2006), a Master of Science in 

Accounting (UGM, 2012), and a postgraduate degree in Islamic Banking and Finance  

(UIN Sunan Kalijaga, 2013), enabling a multidisciplinary approach to education and research. 

She can be contacted at email: wikaharisa@janabadra.ac.id. 

  

 

Muhamad Willdan     is a civil engineer, currently working for a private contractor 

company. He received his bachelor's degree in 2024 from Janabadra University. His research 

interests are transportation and geographic information systems. He can be contacted at email: 

muhamadwildan702@gmail.com. 

 

 

https://orcid.org/0000-0002-2086-1284
https://scholar.google.co.id/citations?user=EQ91DEIAAAAJ
https://www.scopus.com/authid/detail.uri?authorId=56100383100
https://www.webofscience.com/wos/author/record/AAB-6119-2021
https://orcid.org/0000-0002-1552-3993
https://scholar.google.co.id/citations?user=T3xsSegAAAAJ
https://www.scopus.com/authid/detail.uri?authorId=57208135010
https://www.webofscience.com/wos/author/record/AAC-7989-2021
https://orcid.org/0000-0001-8980-1987
https://scholar.google.co.id/citations?user=6kSec3kAAAAJ
https://www.scopus.com/authid/detail.uri?authorId=58760798100

